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Abstract The 2023 National Urban Physical Examination of the Ministry of Housing and Construction has re-
fned the urban physical examination unit to four scales housing district (community neighbourhood and
urban area (city of which the physical examination of housing district (community and neighbourhood
scales needs to be carried out through on-site research and collection and the physical examination require-
ments are more refned. In order to improve the research collection effciency and data quality and reduce the
cost of physical examination and assessment the author’s Urban Quadrant team proposed a community as-
sessment technology programme based on panoramic images through the integration of intelligent perception
backpacks and electric wheelchairs collection equipment to complete the automatic collection of panoramic
images during the physical examination and research process and combined with image algorithms Internet
of Things (IoT data processing and spatial analysis technology for cloud-based data intelligent processing
initial The intelligent analysis and calculation of more than 50 built environment indicators including environ-
mental quality road surface levelling barrier-free facilities public space quality etc. have been achieved and
the assessment method of calculating medical check-up indicators based on the panoramic image of intelligent
perception has been explored.
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